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54(6) = =Dx, () + Af (xu(0) + BS (it = 1(9) ) + 1) + Y ey (0)

]
+ 3N dTx(t—1), i=12,..,N
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o MRuNISFEUIMetaNa: MTseuivenaiadliveyaninisUreniiu (labeled data) Live

Y

¢ 1w
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AuNRgIuN 1: vueuavergvesiueiisslimuduiiusidauiniuliunanisininuasueu tnesuld

nivunaluguareraunazlvsunamsiniiuaisusugini
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